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We thank the reviewer for his thoughtful feedback. We greatly appreciate your insights on how to improve our manuscript.
We have carefully revised the manuscript to address each of your concerns. We believe that advancing this field can

contribute to more effective and tailored therapeutic options for patients.

Below is a detailed response to each point raised:

Question Reviewer Comment
#

Answer as Response to the
comment

1. After carefully reviewing the study by Zhang Hongwei et al., the
authors found that the neural network-based prediction model can
effectively estimate the dose to the uninvolved liver during stereotactic
body radiation therapy (SBRT) for liver cancer.

Thank you for your comments
regarding our manuscript. We
appreciate you acknowledging our
effort to provide novel insights into
neural network-based prediction
model. We want to clarify and
expand on the significance of our
approach.

While the manuscript's primary
objective was to develop a simple
model, we believe that the novelty of
our work lies in its clinical utility. By




leveraging widely available and
routinely collected postoperative
serum tumor markers (STMs) such
as Af_CA19-9 and Af_CEA, we aim
to enhance the prediction of early
recurrence (ER) in PDAC patients.
This approach addresses the
growing need for practical tools in
everyday clinical settings and avoids
the additional costs associated with
more advanced molecular testing or
imaging techniques.

We hope that studies will

consider our letter regarding the bias
and confounders to create a robust,
cost-effective model. We are excited
about the future potential of this work
and look forward to expanding on
these findings in further studies.

This finding provides a significant reference for clinical oncology,
particularly in the context of radiotherapy for liver cancer. Precisely
controlling the radiation dose to maximize the protection of healthy
liver tissue is crucial. dditionally, the model demonstrates extremely
high accuracy, underscoring its potential and importance in practical
applications.

We appreciate your insightful
comments and the perspectives you
shared about our study. Our letter to
the editor aimed to contribute to
advancing precision radiotherapy for
liver cancer. Using neural network-
based models is a promising
approach that could greatly improve
treatment outcomes.




However, despite the impressive performance of the neural network
model, the authors also noted some limitations, such as a small
sample size and less stringent exclusion criteria, which may restrict its
applicability to a broader range of clinical settings. This issue is not
uncommon in medical research, as an insufficient sample size often
affects the statistical significance and clinical relevance of the results.
Therefore, future research should focus on the criteria for selecting
samples and how to expand the overall sample size to enhance the
model's applicability. Moreover, the authors emphasize the
importance of including radiologic technologists on the research team
in future studies.

Thank you for sharing the same
thoughts as we shared it as our
concern.

we wanted to share detailed and
specific aspects of the manuscript
that are particularly compelling or
concerning. This could include
deeper discussions on predictive
models, the challenges of
generalizability in single-center
studies, or the importance of
adjusting for confounding factors.

In addition, It is important to
emphasize on the impact of the lack
of study design and confounders,
which could directly affect the
statistical analysis, which was our
concern.

In an era where personalized
medicine is often associated with
high costs, our nomogram
demonstrates that impactful
predictive tools can be both
accessible and practical.




Radiation technicians play a crucial role in the implementation of
radiotherapy; they are not only responsible for technical operations
but also involved in monitoring and evaluating radiation doses. Their
expertise and experience can provide valuable insights and practical
guidance for research. Through multidisciplinary collaboration,
innovation and progress in the field of radiotherapy can be fostered,
ultimately making treatment safer and more effective. In this context,
the authors believe that the integration of radiomics, driven by
radiologic technologists and statisticians, is a direction worthy of
attention.

Thank you for agreeing to our
suggestion to incorporate radiologic
technologists into future research
initiatives. Their extensive hands-on
experience and deep understanding
of radiation delivery protocols are
important and can greatly improve
the models' precision and real-world
applicability. We want to highlight
that adopting a multidisciplinary
approach that brings together
technologists, data scientists, and
oncologists will spark innovation and
improve patient treatment outcomes.

Radiomics leverages quantitative features extracted from medical
imaging data, combined with machine learning and statistical analysis
methods, to uncover potential biological information that can support
tumor diagnosis and treatment. In particular, the combination of
radiomics with prediction models based on artificial neural networks is
expected to enhance the ability to predict patient treatment
responses. The integration of radiomics and artificial neural network-
based prediction models has shown promising application prospects
across multiple clinical research fields. For instance, in studies related
to stomach cancer, breast cancer, prostate cancer, and other areas,
the application of these technologies is continually evolving, providing
new approaches for personalized treatment.

Thank you again for your thoughtful
evaluation, and we appreciate your
recognition of our contribution to this
area of research.




As technology advances and data accumulation increases, this
interdisciplinary collaboration will further promote the development of
precision medicine, helping to tailor optimal treatment plans for each
patient and ultimately improving their prognosis. Through such efforts,
the field of cancer treatment is poised to enter a brighter future.

While you indicated that our
comments might not be as special,
they highlight critical considerations
that could improve the understanding
of our study and its implications in
the field of neural network model.
Engaging in open dialogue about
these insights can lead to a more
robust exploration of our findings and
their relevance in clinical practice. .

We believe that addressing these
points in detail can lead to a richer
understanding of our concerns and
foster collaborative efforts to refine
predictive tools. Your insights are
appreciated and essential for
advancing our collective knowledge.




